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Figure 1 / Hedge model
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losses, multiplicative up-
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Lemma 1
logarithmic finite-

weight potential bound

Theorem 2, Eqs. (7)–(8)
single-strategy and
nonempty-subset
comparator bounds

Lemma 4
corrected zero-bound
extension and square-
root regret bound
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attributed Theorem 13
global finite-expert policy
family and checked finite
Vovk-game construction

Theorem 3
necessary two-constant
allocation tradeoff

Decision-prediction model
unrestricted deci-

sions/outcomes and finite-
mixture expected-loss identity

Theorem 5
best-expert decision-
prediction bound

Figures 2–5
AdaBoost, soft vote, M1,

M2, and regression reductions
with typed update domains

Theorem 6
binary AdaBoost product

training-error bound
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AdaBoost.M1 product
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Theorem 11
AdaBoost.M2 product
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defined execution domain

Theorem 12
AdaBoost.R MSE bound
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execution domain

Theorem 9
soft normalized-
vote error bound

Eq. (21)
binary-KL and squared-

edge error chain

Eq. (22)
uniform-edge ex-
ponential rate

Eq. (23)
sufficient boosting-
iteration budget

Weighted thresholds and
attributed Theorem 7
finite-trace VC dimen-
sion and finite-iid gen-
eralization support

Theorem 8
VC bound for affine thresh-
olds of T weak hypotheses


